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Innovation Evolution

XX Century

. Lots of data

- No equations

. Mental environment
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Modern investing

May 24, 1990

Harvard and CUNY Shedding Stocks in Tobacco

By TAMAR LEWIN

Harvard University and the City Uni-
versity of New York have decided to
eliminate stocks of tobacco companies
from their investment portfolios, in
what may be harbingers of a new tactic
to highlight the dangers of smoking.

The action by Harvard was disclosed
by President Derek Bok in a let
dated May 18 to three students at
university's public health school. He¢
said Harvard had decided on divesti-
ture in September and completed the
stock salesiriviarcn.

, And on MOnday the City Umvers;
of New York's board of trustees voted 9
to 2 to divest itself of tobacco stoc

- ———

——

fe

representing about $3.5 million of the
university's $60 million portfolio.
Harold Jacobs, a trustee at City Uni-
versity, said, "“We didn’t know anything
about Harvard doing it, and this was
the first meeting where tobacco dives-
titure appeared on the agenda but our
vice gk fian, Uit Cveie argued
ery persuaswely that cigarettes ai
unhealthy and we should not hold to-
bacco stock, so we passed it.”
v Ve RS Henry,
have lnng been active in epposmg the
tobacco industry, and they serve on the
board of trustees of the Tobacco Di-
estment Project, a Boston-based non-

sjprofit group formed earlier this month.

That group and others working
against cigarette smoking say the two
universities’ moves may be the start of
a far more widespread divestitute
campaign, including a proposal in the
Massachusetts Legislature to require
state pension funds to sell their tobacco
stocks. By some estimates, more than

| 60 percent of tobacco stock over all is

held by institutional investors, pri-
marily banks, pension funds and insur-
ance companies.

“Harvard and CUNY are the two
great victories so far, but this is just
the beginning,” said Brad Krever, ex-

Continued on Page B8, Column 3
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100 years of "FinTech” data inputs

1930 1950 2000 2020

Numerical
methods

Portfolio
theory

Time series
Compe;ny analysis
?ri‘(c\;?rl;]gtlirc])% Textual data . Social media
NLP. LLM, etc. Documents

Filings

Value investing




Meta-data

Traditional data sources are being replaced by
unstructured data sources

Database

Numerical data Numbers

Textual data

Sensor data

Words

Images, satellite, video, etc.

Sensors



Risk Trading

The Dojima Rice Exchange (&

EKmi5;), Osaka

Article 2.1.c (Paris Accord, 2015)

(c) Making finance flows consistent with a pathway towards low
greenhouse gas emissions and climate-resilient development.
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Carbon trading

CHOOOSE Home Offsetflight Carbon offset projects FAQ

Compensate for your flight's estimated CO2e emissions when booking on AirCanada.com or with the
widget below. When you do, you support certified carbon offset projects selected with Air Canada by

CHOOOSE™ carbon professionals. i

Flights B oincart | & engish- cap

Enter your travel details:

From

I

Search airports

. @ Add stop

To
Search airports

1

Class Passenger(s)

Economy v 1

Round trip




The Carbon Exchange

Sellers
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A new urban paradigm
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\° Data collector:

CO2

rain fall

traffic

temperature
biodiversity monitor

The Good City



Decision making
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Game theory
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Climate Risk

Single risk factor:

CO2 Emissions
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Contributors to GhG emissions

10
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Country

China

United States

South Korea

Indonesia

Saudi Arabia

Brazil

Mexico
Australia
South Africa

Turkey

United Kingdom

ltaly

France

CO02 Emissions per

capita (tons)

7.38

15.52

1.91

11.44

9.70

9.44

18.58

8.08

11.85

2.03

15.94

2.25

3.58

17.10

6.95

4.61

5.55

5.90

513

c02
Emissions
(tons, 2016) I

10,432,751,400

5,011,686,600

2,533,638,100

1,661,899,300

1,239,592,060

775,752,190

675,918,610

642,560,030

604,043,830

530,035,650

517,079,407

462,994,920

441,412,750

414,988,700

390,557,850

368,122,740

367,860,350

358,139,550

331,533,320

Population
{20186)

1,414,049,351
323,015,995
1,324,517,249
145,275,383
127,763,265
82,193,768
36,382,944
79,563,989
50,983,457
261,556,381
32,443,447
206,163,053
123,333,376
24,262,712
56,207,646
79,827,871
66,297,944
60,663,060

64,667,596

40

92

39

72

28

42

115

99

80

14

83

177

202

1

45

26

Montenegro
Kuwait

Trinidad and Tobago

United Arab Emirates

Oman

Canada

Brunei

Luxembourg

Bahrain

Australia

Estonia

Gibraltar

Falkland Islands

Saudi Arabia

United States

Turkmenistan

Kazakhstan

CO02 Emissions per
capita (tons)

37.29

25.90

25.65

25.39

23.37

19.61

18.58

18.28

17.51

17.15

17.10

17.02

16.98

16.59

15.94

15.52

14.00

13.01

co2
Emissions
(tons, 2016)

98,990,085

16,249,039

101,492,225

34,974,263

218,788,684

87,835,773

675,918,610

7,672,127

10,144,632

24,458,384

414,988,700

22,402,414

572,708

48,568

517,079,407

5,011,686,600

79,279,216

231,919,540

Population
(20186)

2,654,374
627,264
3,956,875
1,377,560
9,360,980
4,479,219
36,382,944
419,800
579,264
1,425,792
24,262,712
1,316,510
33,737
2,928
32,443,447
323,015,995
5,662,368

17,830,901



Benchmarking through feature engineering

. What drives emissions?

- How to benchmark emissions by country/province?



Emission Feature engineering

Rank Feature Importance Value

1 Electricity Production 0.3409

2 Urban Population 0.3113

3 Population 0.2296

4 GDP 0.1770

5 Fossil Fuel per Capita 0.1319

6 Surface Area 0.06596

Rank Feature Importance Value

1 Urban Population 0.3647
2 Electricity Production 0.2789
3 Population 0.2633
4 GDP 0.2033
5 Fossil Fuel per Capita 0.1040
6 Surface Area 0.06469

19
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Emission Chromodynamics
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